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=== Limitations of text-to-video generation methods

Limitations of the previous approaches:
(1) the limited scale of publicly available video-text data, considering the high cost of video captioning;
(2) the characteristics of scaling potential with text-free videos on video generation are still under-explored.
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=== Generalization performance in different scenarios

Comparison with state-of-the-art

Table 1. Quantitative comparison with state-of-the-art methods for text-to-video task on MSR-VTT in terms of FID, FVD, and CLIPSIM.

Method Zero-shot Parameters FID () FVD (]) CLIPSIM (1)
Niiwa [66] No - 47.68 - 0.2439
CogVideo (Chinese) [22] Yes 15.5B 2478 - 0.2614
CogVideo (English) [22 Yes 15.5B 23.59 1294 0.2631
MagicVideo [32] Yes - - 1290 -
Make-A-Video [50] Yes 9.7B 13.17 - 0.3049
ModelScopeT2V [54] Yes 1.7B 11.09 550 0.2930
VideoComposer [58] Yes 1.9B 10.77 580 0.2932
Latent-Shaft [ 1] Yes 1.5B 15.23 - 0.2773
VideoLDM [4] Yes 4.2B - - 0.2929
PYoCo [14] Yes - 9.73 - -
TF-T2V (WebVid10M) Yes 1.8B 9.67 484 0.2953
TF=TZ2V (WebVid10M+Internal 10M) Yes 1.8B 3.19 441 0.2991

Table 2. Human preference results on text-to-video generation.

Text Visual  Temporal
alignment quality coherence
ModelScopeT2V [_‘3-1]‘ 83.5% 74.0% 81.3%

Method

TF-T2V 86.5% 87.0% 92.5%



=== Generalization performance in different video scenarios

Qualitative comparison on text-to-video generation
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Figure 3. Qualitative comparison on text-to-video generation. Three TEPI‘ES‘E:DlatiVﬁ‘, pr:n-souc text-to-video appmaczhcs are compared,
including ModelScopeT2V [54], Text2video-Zero [28] and ZeroScope [5]. Please refer to the Appendix for videos and more comparisons.



=== Generalization performance in different video scenarios

Qualitative comparison on compositional depth-to-video generation
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Figure 4. Qualltat:wemmparlmn on mmpwtmnal depth-to-video generation. The videos a genﬂratﬂd h:-,ftdklng textual pmmpts and
structural guidance as conditions. Compared with existing methods, TF -T2V yields more structural compliance and high-fidelity results.



=== Generalization performance in different video scenarios

Qualitative comparison on compositional sketch-to-video generation
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“Female is applying foundation with a make-up brush on her face.”
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Figure 5. Qualllatwe comparison on compositional sketch-to-video generation. The videos are gcncratcd by taking textual dcacnptmm

and structural guidance as conditions. Compared with other methods, TE-T2V produces more realistic and consistent results.




=== Generalization performance in different video scenarios

Semi-supervised setting
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Figure 7. Qualitative evaluation on text-to-video generation with temporally-correlated text prompts involving the evolution of movement.
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