Defense without Forgetting: Continual Adversarial Defense
with Anisotropic Isotropic Pseudo Replay

Yuhang Zhou (Harbin Institute of Technology, Shenzhen), Yunzhong Hua® (Harbin Institute of Technology, Shenzhen)

Experiments

Adaptation between two attacks for different defense methods

Abstract Anisotropic Isotropic Pseudo Replay (AIR)
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