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Method Experiments Applications

Contribution

Motivation

➢ Novel challenge: The first work to tackle the problem of blemished 

subject-driven generation.

➢ Proposed method: Introduce ArtiFade, which fine-tunes diffusion 

models to align unblemished and blemished data.

➢ Benchmark: Establish a new benchmark for evaluating blemished 

subject-driven generation.

➢ Generalizability: Demonstrate strong generalizability, effective on 

both in-distribution and out-of-distribution artifacts.
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2. Fine-tuning Step
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3. Inference Step
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1. 𝑰𝑪𝑳𝑰𝑷:= CLIP similarities between the generated images and the corresponding 

unblemished subsets

2. 𝑰𝑫𝑰𝑵𝑶 := DINO similarities between the generated images and the corresponding 

unblemished subsets

3. 𝑻𝑪𝑳𝑰𝑷:=  CLIP similarity between the generated images and the text prompt

4. 𝑹𝑪𝑳𝑰𝑷 = 𝑰𝑪𝑳𝑰𝑷 / 𝑰𝜷
𝑪𝑳𝑰𝑷

5. 𝑹𝑫𝑰𝑵𝑶 = 𝑰𝑫𝑰𝑵𝑶 / 𝑰𝜷
𝑫𝑰𝑵𝑶
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ArtiFade with DreamBooth - Qualitative (Invisible artifacts)
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Thank you!
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