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Motivation: Improve model performance by fine- H : : T, (a) we first fine-tune the CLIP transformer block with
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Experiments

® Propose a novel method that automatically selects and fine-
tunes the most critical parameters in CLIP without extra Few-shots Classification Benchmark: Heatmaps of parameter selection: Base to new:
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parameters, maintaining the same inference efficiency as the e e e Heatmav i
y . Base | 6034 8047 8228 8426 8320 | 8594
_ q_proj.weight q_proj.weight - Average Novel | 7422 7169 7514 7610 7680 | 7699
< , HM | 7170 7583 7855 7997 7987 | 8106
g7 k_proj.weight k_proj.weight - 10 Base | 9684 9796 9774 9810 9840 | 9871
. " 2 _ Calechl0l  Novel | 9400 9381 9436 9403 9400 | 94.00
O rl In a I ' lO e v_proj.weight v_proj.weight - HM | 9540 9584 9602 9602 9615 | 9630
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q_proj.bias q_proj.bias DID Novel | 5990 5600  59.18 6297  65.63 | 6534
0 2 4 6 8 0 12 14 16 0 2 4 6 8 o 12 14 16 0 2 4 6 8 10 12 14 16 0 2 4 6 8 o 12 14 16 . q HM | 3637 6485 6816 7175 7338 73.52
umber of Shots umber of Shots umber of Shots umber of Shots k_proj.bias k_proj.bias Base | 5648 8749 9407 9290 8546 | 9590
| | | | | | | | | |
EuroSAT Novel | 64.05 6004 7323 7390 8234 | 8172
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Introduce an automatic paran eter identification strate based ot lwen = V_projbias- S vprojbias- g RO -t A
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