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Why do we propose DeCLIP?

Spatial Correlations

A
CLI P'S Opt|m|zation Distillation Type
Dense Feature Conflicts Self Distillation [45]
Self+VFM Distillation [22]
\ 4

Vision-Language
Alignment

| Region Classification (mAcc)

Semantic Segmentation (mloU)
Context59

294
32.4 (+3.0)

| COCO (Thing)

69.5
65.6 (-3.9)

COCO (Stuff)
44.6
41.3 (-3.3)
JI.8 (+/.2)

CityScape

25.6
28.7 (+3.1)
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Experiment Results

(a) OV-COCO benchmark (b) OV-LVIS benchmark
Method ‘ Supervision | Backbone APYove! Method | Supervision | Backbone
ViLD [14] CLIP RN50 27.6 VILD [14] CLIP RN50
Detic [64] Caption RN50 27.8 OV-DETR' [59] CLIP RN50
OV-DETR [59] CLIP RNS50 29.4 BARON-KD [47] CLIP RNS50
BARON-KD [47] CLIP RN50 34.0 RegionCLIP [62] Caption RN50x4
SAS-Det [61] CLIP RN50 37.4 CORA*T [50] Caption RN50x4
OV-DQUOT [46] CLIP RN50 39.2 F-VLM [23] CLIP RN50x64
RegionfCL_IP [62] Captions RN50x4 39.3 F-ViT [48] CLIP ViT-B/16 B
CORA' [3O] CLIP RNSOxd ) 417 OV-DQUO [46] CLIP VITB/16 | 2
OV—DQUO [46] CLIP RN50x4 45.6 Detic [64] Cﬁp[iOIl Swin-B 33
RO-ViT [20] CLIP ViT-L/16 33.0 RO-ViT [20] CLIP ViT-H/16 34.
CEM-VIT [19] CLIP ViT-L/16 34.1 F-ViT [48] CLIP ViT-L/14 34.
O e n _Vo C a b u I a r F-ViT [48] CLIP ViT-B/16 37.6 CoDet [32] Caption VIT-L/14 37.0
p y F-ViT [48] CLIP ViT-L/14 44.3 OV-DQUOT [46] CLIP ViT-L/14 39.3
. . F-ViT+DeCLIP CLIP ViT-B/16 | 41.1 F-ViT+DeCLIP CLIP ViT-B/16
O b e Ct D ete ct i o n F-ViT+DeCLIP CLIP VIT-L/14 | 4622 F-ViT+DeCLIP CLIP VIT-L/14
j OV-DQUO+DeCLIP! | CLIP ViT-B/16 | 46.1 (+6.9) OV-DQUO+DeCLIP! | CLIP ViT-B/16

OV-DQUO+DeCLIP' | CLIP ViT-L/14 | 48.3 ( OV-DQUO+DeCLIP! | CLIP ViT-L/14

| Objects365 [40]
| AP : ¢ APso  APrs
Supervised Baseline [14] | 46.5 ! ] ] 386 280

ViLD [14] 36.6 s . : 18.0
DetPro [13] 34.9 ! : 18.8

Method

BARON [47] 36.2 . ) 6 210
F-VLM [23] 37.9 . 41.2 3 T4
CoDet [32] 39.1 0 42 42 205

RO-VIiT [21] - L 27.4
CLIPSelf [48] 40.5 : 44. . 31.3

DeCLIP | 41.0 64.6 448 | 200 322 212




Experiment Results

Method ‘ Backbone Training Set | ADE847  Context459  ADE150 Context59 VOC20
ZegFormerT [11] ViT-B/16 COCO-Stuff 5.6 104 18.0 45.5 89.5
ZSseg [55 ViT-B/16 COCO-Stuff 7.0 - 20.5 47.7 88.4
0 en 'VO ca b u I ar g ViT-L/14 COCO-Stuff 9.0 12.4 29.6 5517 94.5
p y 3 ViT-L/14 COCO-Stuff 13.7 1741 335 60.2 95.5
o ODISE [54] ViT-L/14 COCO-Panoptic 11.1 14.5 29.9 573 -
Se m a nt | C MAFT [17] ConvNeXt-L  COCO-Stuff 13.1 17.0 34.4
FC-CLIP [58] ConvNeXt-L. COCO-Panoptic 14.8 18.2 34.1
° FrozenSeg [7] ConvNeXt-L. COCO-Panoptic 14.8 19.7 34.4
Se gme ntation CAT-Seg [10] VIT-B/I6  COCO-Stuff 12.0 19.0 318

CAT-Seg [10] ViT-L/14 COCO-Stuff 16.0 23.8 37.9

CAT-Seg+DeCLIP | ViT-B/16 COCO-Stuff 15.3 214 36.3 60.6
CAT-Seg+DeCLIP | ViT-L/14 COCO-Stuff 17.6 25.9 40.7 63.9




Experiment Results

et With a background category Without background category
t ———— ————————
e VOC21  Context60 COCO-Obj | VOC20 CityScape Context59 ADE COCO-Stf ‘
Open-vocabulary geomeg § 99 81 | 94 63 T s
: MaskCLIP [63] 233 20.6 74.9 4, 11.9 16.7
Semantic GroupViT [53] : 18.7 s 79.7 . 10.4 15.3
. ReCo [42] . 19.9 15.7 ST 21.6 22. 11.2 14.8
Segmentation TCL [3] . 24.3 30.4 S )3, 30. 149 196
OVSeg [28] g, 20.4 25.1 . 5.6 -
Base on VLM SCLIP [45] 9. 30.4 30.5 80.4 34, 16.1

ClearCLIP [24] . 32.6 33.0 80.9 & 16.7
CLIP-DINOiser [51] . 324 34.8 30.9 " 35 20.0

DeCLIP (ours)

22.4
23.9
24.6

features




Summary of Our
Proposed DeCLIP in
Dense Prediction

Experiment Results
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Thanks for your listening

All code and checkpoints
will be released after the
review process



